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Introduction
Halfway into 2026, or the year of truth for many CIO’s, we haven’t quite 
reconciled with the uncomfortable truth about our enterprise AI 
initiatives. Amid ongoing uncertainties, threats of war, political 
fragmentation, and a structural reset in IT, infrastructure, and human 
capital expenditures, this year, we are likely to observe a need for a 
strong sense of agency and control. In a culture deeply defined by 
AI-first mindsets, ‘pragmatic-optimism’ has become the CXO’s 
imperative for deriving value from AI and warding off the risks of not 
moving beyond the proof-of-concept (PoC) stage. 

In 2026, the question is no longer about needing an assurance framework—it's whether your systems can 

actually survive the brutality of production at enterprise scale, in a cutthroat regulatory environment, with 

autonomous agents making decisions that your board will be held accountable for.

If you are a CTO or a CIO, your leadership instinct would be to blame the technology itself. Resist that urge 

and counter it with an objective checklist that can be used during the board conversation, and isn’t limited 

to your QE teams in a sprint review. In essence, your enterprise AI production-readiness checklist must 

include investigative questions to help you picture what failure looks like, a production-ready standard, and 

serve as a reference anchor.  

The enterprise AI canvas is even starker this year, with several research-backed data points tracked through 

2025 to 2026 on the definitive outcomes vs investment. According to a 2025 RAND Corporation analysis, 

more than 80% of AI projects fail to deliver the expected business value. Of those, more than 33% are 

abandoned before reaching production, over 28% reach the finish line but fail to create expected business 

outcomes, and more than 18% deliver value that doesn’t justify the investments. Executives have been 

amply alarmed by the findings from MIT’s NANDA initiative; approximately 95% of enterprise GenAI pilot 

programs fail to achieve rapid revenue acceleration, delivering little to no measurable P&L impact. And 

perhaps the most concerning: 60% of organizations evaluated enterprise-grade AI tools, but only 20% 

reached the pilot stage, and just 5% reached production. The study identified that almost all failures were 

due to brittle workflows, lack of contextual learning, and misalignment with day-to-day operations. These 

statistics point in the same direction—production readiness is the issue, and it falls squarely in the CXO's 

court. 
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• Why 2025’s AI playbook is no longer relevant and how production realities look different in 2026?

• How are the regulatory environments conflicting mandates, active enforcement, and real penalties 

driving enterprises to act with urgency?

• What are the four failure cliffs that kill AI in production, the CXO’s production readiness checklist, and 

its 10 dimensions?

• What is a production readiness maturity model?  

• Why should your QE framework make production readiness systematic rather than episodic?

• How are the 5% getting it right and deploying better assurance?

• Production readiness is not the finish line; how QualiZeal helps treat it as a strategic architecture for 

your enterprise AI trust?
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Once, building systems that performed tasks as humans did was considered an engineering marvel. Fast 
forward to 2026, and the argument shifts to whether an innovation is trustworthy and verifiable. Today, AI 
no longer resides outside core enterprise technologies; it is fully embedded in IT, procurement, enterprise 
decision-making, customer experience, and operational task automation. However, this has led to an 
increase in threat surface—AI agents. The adversarial AI tactics bypass traditional security sandboxes, 
including model manipulation, data poisoning, prompt injection, and exploitation, as well as regulatory 
exposure, legal risks, and financial losses. That said, GenAI initiatives account for 30% to 50% of 
industry-agnostic IT costs, according to a BCG study. This enables potential savings of up to 10% in tech 
function. The cost savings translate to better financial bandwidth to invest in innovation, customer 
experience, and digital transformation. The circle of AI influence within an organization depends on 
whether they actually work in production without posing any tangible business or user risks, or ethical 
dilemmas for CXOs and AI development boards. 

1.1 What’s killing your enterprise’s ambition of moving from pilots to production? 
The MIT study coined the definition of the ‘5% success AI implementations’—these delivered sustained 
productivity gains and documented P&L impact that end users and executives validated. This sets the 
standards for 2026, which most enterprises’ AI deployments fall short of. In the 95% of the cases that failed to 
move into production, model deployment and deriving business value from a model were treated 
synonymously. Systems that met performance and quality targets in controlled demos, tanked in production. 
The systems generated inconsistent outputs across similar prompts, and teams failed to account for 
non-determinism in real-world use cases. In a few instances, AI features had to be rolled back after users 
flagged them for issues and the lack of trustworthy elements. 

MIT’s findings were a tip of the iceberg. Several research surveys indicate that AI value creation has remained 
the top barrier:

48%
of AI projects make
it into production, 

Only

it takes an average of
8 months to go from prototype
to production.

42

up from 17%
the prior year.

of companies abandoned
most AI initiatives
by mid-2025 of AI initiatives will struggle

to reach production scale through
2026 due to gaps in validation,
monitoring, and AI-ready data
foundations. 

60
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Source: https://www.gartner.com/en/
newsroom/press-releases/2024-05-07-gartner-
survey-finds-generative-ai-is-now-the-most-
frequently-deployed-ai-solution-in-organizations

Source: https://www.ciodive.com/news/
AI-project-fail-data-SPGlobal/742590/

Source: https://www.gartner.com/en/newsroom/press-releases/
2025-02-26-lack-of-ai-ready-data-puts-ai-projects-at-risk

%

%

Section 1:

The 2026 Production Reality:
Why 2025’s Playbook is
No Longer Enough
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1.2 Root Cause for Failures and The Need for a Fail-Forward Mindset

• Industry stakeholders struggle to understand 
the challenges that AI can solve. 

• Organizations mostly lack adequate data to 
train AI models.

• AI adopters focus on leveraging the latest and 
greatest rather than prioritizing real problems 
for real users. 

• Most organizations lack the infrastructure to 
manage their data and to deploy AI models.

• Lastly, the technology is utilized in use cases 
where the problems are too complex for AI to 
address. 

• To overcome the risks of failures, the research 
suggested five principles for successful AI 
projects:

• Bridge the gaps in contextual understanding 
and project purpose between business and 
technical staff to prevent misinterpretations 
that lead to AI failures. 

• Commit to problem-solving for at least a year. 
Observe how the AI project performs beyond 
problem-solving in controlled pilots to evaluate 
if it delivers consistent, long-term business value 
and addresses real operational challenges.  

• Prioritize the problem over what the technology 
can do.

• Investment in data governance and model 
deployment to train and build effective AI 
models. 

While these suggestions sound basic, moving 
beyond superficial AI adoption requires a 
‘fail-forward’ mindset rather than treating AI 
project failures as final defeats. The advantage in 
2026 is that the data on failure archetypes, 
combined with an AI assurance and validation 
framework, gives enterprises the support they 
need to pivot and de-risk their AI ambitions 
quickly. 

RAND Corporation’s research investigated AI 
project failures across a variety of company 
sizes and industries, identifying five leading 
root causes (Source) . Their findings unveiled:

3

Source: https://www.rand.org/pubs/research_reports/RRA2680-1.html

Whitepaper | CXOs Checklist: Are Your Enterprise AI Systems Production Ready?



1.3 The Agentic AI Inflection Point

One of the most significant enterprise-focused 
developments in 2026 is the practical adoption of 
agentic AI systems to autonomously execute tasks 
across the enterprise value chain for productivity, 
cost reduction, speed-to-market, and operational 
velocity benefits. Agentic AI now underpins a shift 
toward a modular, API-first architecture that 
coordinates intricate, multi-agent workflows at 
unprecedented scale across hundreds of APIs and 
datasets. The parameters for production readiness 
for agentic systems differ categorically from those 
for a static LLM deployment.

These systems are independently initiating 
transactions, triggering processes, coordinating 
vendors, and making decisions at speed and scale. 
Yet there is no single framework governing agentic 
AI as a category. These capital-intensive AI initiatives 
need observability into internal logic, metrics to 
assess task execution success and redundancy, 
hallucination frequency, and infrastructure that 
simulates and provides a sandbox for downstream 
tools. Therefore, the pivotal question is to 
understand how these agents can operate within 
acceptable legal, ethical, and security guardrails 
with minimal human oversight. 

1.4 The Trust Tax: Real Financial Damage

AI adoption without accounting for plausible but 
inaccurate or misleading system responses and 
outputs, risk of model theft, sensitive data leakage, 
and inability to prove governance are growing 
enterprise challenges that can affect the balance 
sheet. A study by Stanford University and the 
Institute for Human-Centered AI observed that 
hallucinations in LLM-based tools used by legal 
technology start-ups and law firms were pervasive 
and disturbing. The hallucination rates ranged 
between 69% to 88%, raising alarming concerns 
about the reliability of AI tools in legal contexts. 
Hallucinated content misleads users, driving 
misinformed decision-making and reputational 
harm in high-stakes domains such as banking, 
finance, and healthcare. There have been several 
instances of firms facing legal repercussions 
because their LLM models generate responses 
based on statistical understanding rather than 
applying human-like cognition to grasp contexts, 
nuances, and facts. 

According to EY's 2025 Responsible AI survey 
(Source*), nearly all organizations (99%) that have 
integrated or scaled AI initiatives reported financial 
losses from facing AI-related risks. 

The average financial loss to companies is 
conservatively rounded to $4.4 million. Also, global 
financial losses attributable to AI hallucinations 
totaled $67.4 billion in 2024.

Nearly two-thirds 
(64%) of companies 
suffered losses 
exceeding $1 million. 

4

Source: https://www.ey.com/en_gl/newsroom/2025/06/ey-survey-ai-adoption-outpaces-
governance-as-risk-awareness-among-the-c-suite-remains-low
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These stats bring light to the irony that AI, which 
was meant to be a productivity tool, comes at 
the cost of extra effort. A survey found that 
employees spend an average of 4.3 hours per 
week verifying AI outputs. This is costing 
enterprises roughly $14,200 per employee per 
year in efforts to mitigate hallucinations and 
other AI-related inaccuracies. 

Furthermore, the explainability tax begins with 
undermining trust, even when the AI is correct. 
However, the lack of defensibility and 
explainability creates a trust and confidence 
deficit for users, regulators, auditors, customers, 
and boards, who refuse to act on AI outputs and 
recommendations they are unsure of. This 
compounds financial costs by increasing the 
need for manual review and human sign-off, 
reducing automation rates, causing productivity 
loss, and slowing decision-making. In heavily 
regulated industries, accountability becomes 
one of the permanent operational expense 
layers. Accountability tax can make up 10-30% of 
total AI costs to ensure thorough governance 
and transparency around model development, 
ownership, and associated liabilities. 

Security and resilience tax is one of the 
fastest-growing trust taxes, driven by the 
growing incidence of AI-related risks such as 
prompt injection, data exfiltration, model 
poisoning, adversarial attacks, and supply-chain 
vulnerabilities. 

The production-readiness implication: 
These facts point to the level of trust and 
dependence the technology has achieved within 
the enterprise. The ‘hallucinations’ about what 
an AI’s intended potential is vs. the realities of 
inaccurate AI-generated content, the need for 
human fallback processes, privacy, security, and 
resilience concerns paint a picture of profound 
unreadiness and glorified confidence that keep 
projects stuck in the pilot purgatory. Therefore, it 
should be imperative that systems can only be 
declared production-ready when there is a 
documented, tested, and continuously 
monitored system, and an architecture that 
mitigates the risks AI introduces. NIST’s seven 
dimensions of AI trust (Reliability, Explainability, 
Fairness, Governance, Security, Privacy, and 
Fairness) offer a practical, adoption-oriented 
model for CXOs to green-light AI projects and 
initiatives.   

5
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The Regulatory Minefield:

What US Enterprises Must
Navigate Right Now
So far, mandates by the external governing bodies define the regulatory responsibilities for AI. 
Although the US has no comprehensive law to regulate AI development and use, the overall 
regulatory environment has become a tapestry of conflicts in 2026, with active reinforcements and 
penalties. 

6
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The Texas Responsible AI Governance Act 
(TRAIGA) came into effect on January 1, 2026, to 
impose meaningful duties on both government 
and private companies operating in the state. 
The act broadens the definition of AI beyond 
generative AI and, as a result, applies to many 
organizations in Texas. It directs government 
entities and healthcare providers to disclose to 
consumers about the use of AI in their 
interactions and duly seek their consent. 
Additionally, the TRAIGA provides a regulatory 
sandbox for companies to test and develop AI 
systems without any other regulatory signoff or 
license, in exchange for sharing the information 
with the state. The act also prohibits AI use for 
“restricted purposes” and imposes penalties of 
$10,000 to $200,000 per violation, plus daily 
fines. It also provides affirmative defense for NIST 
AI RMF compliance. (Baker Botts, Jan 2026)

California Senate Bill 53: Live since January 1, 
2026,  this is a landmark 2025 law overseeing 
safety and accountability mandates applicable 
to the developer of large-scale frontier AI 
models. The Transparency in Frontier AI Act 
includes requirements for active disclosure and 
incident reporting.

California Procurement Executive Order: 
Enforced recently on March 30, 2026, this act 
necessitates that all companies and AI vendors 
operating business in the state must uphold 
safeguards covering content safety, bias 
safeguards, and civil rights protections. This is 
effectively a de facto national benchmark for any 
enterprise selling to the state’s market. 

EU AI Act: 
2026 is one of the most crucial times for 
enterprises globally as the primary framework 
regulating AI systems becomes enforced on 
August 2nd. The act requires that high-risk AI 
systems complete conformity assessments 
before deployment, maintain technical 
documentation, implement human oversight 
mechanisms capable of real-time intervention, 
and establish comprehensive logging. Post the 
deadline, the law imposes transparency duties, 
allowing national authorities to impose penalties 
of up to €35 million or 7% of global annual 
turnover. For US enterprises with EU operations 
or EU-facing products, this is not optional.

Federal Trade Commission (FTC) Enforcement: 
The FTC proactively regulates “AI washing” or 
deceptive claims about the capabilities or use of 
AI to safeguard consumers against false 
advertisements. The enforcement continues 
bipartisan. The agency requires that every single 
claim about an AI system’s capabilities, accuracy, 
or performance must be supported by 
documented evidence and treated with the 
same rigor as financial disclosures.

Treasury’s New AI Risk Management 
Framework:
The Treasury Department’s February 2026 
framework released documents relevant to CFOs 
and treasury leaders—AI intelligence Lexicon 
and maps the Financial Services AI RMF 
principles on how AI systems should be 
governed, validated, and deployed in financial 
systems. It includes a matrix of 230 operational 
control objectives covering model lifecycle 
governance, identity resolution, data 
governance, and integration with SOC 2.

President Trump’s Executive Order on December 11, 2025, included legislative recommendations to 
build a unified federal AI policy and prevent conflicting state laws. The order’s twofold vision aims to 
balance the ‘unduly burden’ on state laws and increase federal scrutiny through prevailing 
sector-specific federal bodies such as the Federal Trade Commission (FTC), Federal Communications 
Commission (FCC), and Securities and Exchange Commission (SEC). [CK1]  Additionally, voluntary 
frameworks (e.g., NIST AI RMF) and 40+ active state-level legislations add compliance pressures on 
enterprises. The most recent compliance frameworks applicable to AI systems include:

2.1 The Federal-State Clash 

7

Source: 
https://www.bakerbotts.com/thought-leadership/publications/2026/january/us-ai-law-update
https://leginfo.legislature.ca.gov/faces/billTextClient.xhtml?bill_id=202520260SB53
https://www.pillsburylaw.com/en/news-and-insights/california-executive-order-n-5-26-procurement-power-ai-policy.html
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2.2 NIST AI RMF: From Voluntary to Operational 
Standard

The NIST AI Risk Management Framework (NIST AI 
RMF) is a voluntary standard that has become the de 
facto operational standard for AI governance in the US, 
setting a new compliance benchmark for enterprises.
The NIST AI RMF is designed to enhance the 
trustworthiness of AI systems' design, development, 
use, and evaluation. The core of the framework 
includes four specific functions—Govern, Map, Measure, 
and Manage. The framework’s Generative AI Profile 
identifies 12 risks unique to or exacerbated by GenAI 
and provides over 200 suggested risk-management 
actions. 

NIST’s AI Agent Standards Initiative, launched in 
February 2026, ensures that the next advanced version 
of AI—AI agents can handle tasks autonomously, be 
widely adopted by users with confidence, operate 
securely on behalf of their users, and integrate 
seamlessly across the digital ecosystem. The initiative 
highlights agent security and identity as core pillars 
and is community-focused, with open-source protocol 
development and maintenance for agents. 

Additionally, through coordinated efforts, the AI Agent 
Standard Initiative will announce the new releases and 
guidelines, signaling that regulatory expectations for 
observability in agentic systems are now forming.
The expectations are clear as crystal—any enterprise 
claiming AI governance without demonstrable 
evidence—NIST AI RMF alignment, documented 
conformity evidence, and audit-ready trails—will invite 
trouble in the form of AI initiative shutdowns, investor 
flight, and massive reputational damage. Compliance 
violations do not end at damaging brand value; they 
also have an outright impact on customers’ lives, halt 
new developments and innovations, and erode 
shareholder confidence. 

8

Source: 
https://www.bakerbotts.com/thought-leadership/publications/2026/january/us-ai-law-update
https://treasury.ripple.com/posts/treasury-ai-risk-management-framework
https://www.ftc.gov/news-events/news/press-releases/2024/09/ftc-announces-crackdown-deceptive-ai-claims-schemes
https://nvlpubs.nist.gov/nistpubs/ai/NIST.AI.100-1.pdf
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Section 3:

The CXO’s Production
Readiness Checklist:
10 Dimensions
If you, as a CXO, are stuck in the loop of defining value for your AI projects from the viewpoint of 
outcomes from pilots or compute scale, your peers are likely to be miles ahead of you in the 
innovation game. AI initiatives and their core purpose must be intertwined throughout your 
organization. From business objectives, technical infrastructure, data foundations, governance and 
compliance principles, and organizational philosophy to readily accessible measurement and 
tracking mechanisms, the AI ambition, taken as a whole, gives it more meaning. Distilled from 
QualiZeal’s Quality Engineering maturity, depth of understanding of evolving regulatory mandates, 
and documented failure modes, our checklist is designed for CXOs to use in board conversations, 
not just for QE teams in a sprint review. We have put together an AI production-readiness 
checklist. 

Each dimension includes a diagnostic question, a failure signature (how going wrong looks), a 
production-ready standard, and a reference anchor to make AI projects more than an enterprise 
checklist item. 

9
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Four Cliffs that Kill AI in Production

If one had to introspect on AI failures that made headlines and front pages, they all had a pattern that 
most CXOs can recognize. In 2026, your CFOs and AI engineering teams cannot afford to rely on 
clairvoyance; they must demand historical post-mortems to extract evidence of systemic breakdowns and 
predictable anomalies. The responsibility for owning transformational projects, driving strategic shifts, and 
ensuring their underlying utility lies equally with CXOs, not just AI development boards and teams. 
Oftentimes, failure patterns resemble these four cliffs that kill AI in production:

Building the next-BIG AI means looking across dimensions meant for production-readiness to scale an 
ethical, responsible, safe, and ROI-driven project. 

Demo-to-prod cliff
Relying on an example 
success doesn't scale to 
50,000 real-world use cases.

Cost cliff
AI projects in pilots work at 100 responses per 
second (RPS) but can blow up the budget at 
10K responses. This usually happens because 
nobody would have capped per-task spend.

Trust cliff
Engineers can think and bet that the AI 
systems work. However, when users don't trust 
the outputs or encounter inconsistent system 
behavior, AI adoption stalls.

Silent regression cliff
This occurs when a provider 
upgrades a model version, and the 
output quality drops overnight. 
However, no one would have 
noticed the quality decay for two 
weeks.

10
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Diagnostic Question: 
Can you prove, with substantial 
evidence, the outputs your 
models will and won’t produce? 
Can you detect when it drifts? 
Can you interpret, justify, and 
defend your AI’s decision? Are 
your systems safe from data 
poisoning? Can you point to the 
exact failure point?

Failure Signature: 
In the recent Stanford University Human-Centered AI Intelligence 
study’s new accuracy benchmark, hallucination rates across 26 top AI 
models range between 22% to 94%. The findings also suggest that 
whenever an inaccurate statement is presented confidently as 
something another person believes, the models receive it well. When 
a false statement is presented as a user’s belief, the model’s 
performance drops. AI errors compound at the same scale and speed 
of its adoption. The accuracy blind spot that leads to hallucinations 
and model degradation is hard to detect, even with the most 
advanced monitoring architectures. 

Dimension 1: Model Integrity & Trust Control

11

Source: https://hai.stanford.edu/ai-index/2026-ai-index-report/responsible-ai
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Failure Signaature: 
• Use documented hallucination benchmarks per use case that are thoroughly tested pre-deployment
• Leverage grounding architecture (RAG, knowledge bases, retrieval layers) verified against enterprise data
• Deploy output validation pipelines using automated anomaly flags
• Implement Human-in-the-loop escalation protocols for high-stakes outputs in regulated use cases in 
  healthcare, banking, and insurance. 

Reference: Retracted Study by EY Responsible AI Survey 2025; Vectara Hallucination Leaderboard 2026

Diagnostic Question: Is your enterprise data just ‘clean’ or contextually complete, governed, and 
quality-assured? In essence, is it fit for the AI use case you are deploying and managing post-deployment, 
as the production data distribution evolves?

Diagnostic Question: Are agent action boundaries authorized— and can you demonstrate, with logs, that 
those boundaries hold in production?

Diagnostic Question: 
Informatica’s 2025 CDO Insights 
survey identified data quality and 
readiness as the number-one 
obstacle to AI production 
readiness at 43%, and only 12% of 
organizations report data of 
sufficient quality and accessibility 
for AI applications. Also, limiting 
fairness monitoring to a one-time 

Failure Signature: 
• Implement use-case-specific data readiness assessment. Forego a 

generic data quality audit. 
• Use automated data quality gates in AI pipelines, measured in 

hours—not quarterly audits
• Use automated demographic drift detection as an early warning 

mechanism for reliability decay, fairness incidents, and customer 
harm. 

• Adopt continuous fairness governance systems that include 
periodic model testing against fairness benchmarks, live 
monitoring in production to detect emerging bias, and 
repeatable, accountable artifacts for response processes. 

• Active metadata management and lineage tracking
• Bias and representativeness testing across demographic and 

operational dimensions

Dimension 2: Data Readiness & AI-Ready Data Governance

Dimension 3: Agentic AI Safety & Behavioral Governance

Reference: Informatica CDO Insights 2025; Gartner AI-Ready Data 2025

12

Source: 
https://www.informatica.com/blogs/cdo-insights-2025-global-data-leaders-racing-ahead-despite-headwinds-to-being-ai-ready-latest-survey-finds.html
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Diagnostic Question: Can you produce regulator-ready audit reports and structured evidence of 
governance of your AI system tomorrow (not just policy documents, but operational proof)?

Production-Ready Standard:
• Move over subjective assurance and governance with standards 

NIST AI RMF GOVERN, MAP, MEASURE, MANAGE functions 
documented with artifact evidence

• Run pre-deployment stress testing, sandboxing, and conformity 
assessments for high-risk use cases where agents are tested for 
moral and ethical scenarios

• Use documented risk tolerance thresholds with explicit 
accountability assignments

• Integrate continuous compliance logging with CI/CD pipelines
• Sector-specific overlay: Financial services organizations should 

align to the Treasury’s 230 operational control objectives; 
healthcare organizations should review HIPAA obligations as 
applied to AI systems.

Failure Signature: 
Most enterprises have AI 
governance policies. Almost 
none have governance evidence 
that includes the operational 
logs, test artifacts, validation 
records, and bias audit trails that 
regulators actually demand. To 
prove AI agents meet 
compliance mandates, 
enterprises must produce 
documents that explain the 
‘why’ behind agent behavior 
with comprehensive technical 
details and controls under 
real-world conditions. 

Failure Signature: 
Fully autonomous AI systems agents increase the threat surface for security and operational risks. 
Unmonitored agents not only create fragmented accountability and data protection gaps but also result in 
adverse consequences that most governance frameworks did not anticipate. Further, the operational 
invisibility layer of the agents' compound tracking, risks, performance, and decision logic is made available 
to users and hidden from them. 

Production-Ready Standard:
• Establish agent permission and responsibility architecture with least-privilege access controls within a 

dynamic environment. 
• MCP (Model Context Protocol) governance, where every agent-to-tool communication flows through an 

enforcement point that validates identity and produces an audit record.
• Human-on-the-loop (HOTL) checkpoints for consequential decisions, planting ‘kill switches’, and 

making review and judgment mandatory for high-risk actions. 
• End-to-end observability to observe every agent authentication event, tool invocation, delegation 

handoff, and policy decision captured (including what prompted actions, why, on whose behalf, and 
under what conditions). 

• Add agent architecture with data and security standards like the EU AI Act, NIST AI RMF, GDPR, SOC 2, 
and ISO 27001. 

Dimension 4: Regulatory Conformity & Audit Evidence

Reference: Strata Agentic AI Risk Guide 2026;

Reference: Baker Botts US AI Law Update 2026

13

Source: 
https://www.strata.io/blog/agentic-identity/the-ai-agent-identity-crisis-new-research-reveals-a-governance-gap/

Source: 
https://www.bakerbotts.com/thought-leadership/publications/2026/january/us-ai-law-update

Whitepaper | CXOs Checklist: Are Your Enterprise AI Systems Production Ready?



Diagnostic Question: Can you detect when your AI starts behaving differently in production (before 
reaching customers or regulators)?

Failure Signature: 
AI systems fail quietly, rendering results and outputs that seem plausible but have downstream impacts that 
get detected hours later.  Unlike traditional software, which fails with error codes, AI systems fail with 
confident, incorrect outputs, and AI agents can execute a task and produce an output that resembles the 
correct response. Observability platforms, error rate monitors, and LLM-specific log dashboards show the 
symptoms of problems. Ultimately, agents require deeper investigation by human experts across the agent 
workflow to identify the issues. This is especially important now, as MIT has found that when AI models 
make mistakes, they actually use more confident language than when they're giving correct information.

Diagnostic Question: Are you testing your AI system for what it will do, or what it was intended to do?

Production-Ready Standard:
• Start with the risk checklist (what happens if the feature produces false output, who gets impacted by 

the bias, what’s the damage if the model leaks sensitive data, and how to know when the system starts 
behaving differently).

• For each risk identified, establish a documented risk tolerance threshold that outlines the acceptable 
level of risk severity, occurrence frequency, and impact when the thresholds are exceeded. 

• Adopt non-deterministic output testing frameworks to test accuracy, precision, factual consistency, 
semantic similarity, etc.

• Adversarial red-teaming pre-production, including prompt injection, jailbreak, and boundary testing.
• Independent test generation,  test suites derived from requirements, not from model outputs.
• Quantify trust with objective trust scores across AI reliability, safety, performance, and cost, with 

thresholds for rollback or release. 
• Continuous regression testing triggered by model updates, not just code changes.
• Run A/B testing between model versions before rollout.
• Consider a shadow-mode deployment before the major production release. 
• Evaluate if test datasets are versioned and refreshed on a defined cadence. 

Failure Signature: 
When AI generates both code and tests, the tests validate the AI’s interpretation, but not the actual 
requirement. This “tautological testing” problem is the most frequently overlooked dimension of AI quality 
workflows. Testing for AI systems cannot fall in the extreme of running high-level checks built for waterfall 
and early-agile environments. 

Dimension 5: Model Validation & Continuous Testing Architecture

Dimension 6: Production Observability & Drift Detection
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Diagnostic Question: Have you tested your AI systems against adversarial attacks specific to GenAI (prompt 
injection, data poisoning, model inversion, and multi-agent manipulation)? Do you maintain an inventory 
of every model layer, adapter, retrieval system, third-party dataset, and orchestration framework? Do you 
have your AI’s supply chain visibility and provenance tracking?

Production-Ready Standard:
• Include automated vulnerability scanning and network 

penetration testing that simulate real-world scenarios.
• Make prompt injection testing a mandatory pre-production gate.
• Supply chain validation: third-party model and API dependencies 

assessed for security posture
• Explainability layer to assess decision transparency, feature 

attribution accuracy, and explanation consistency. 
• Data provenance controls: training and fine-tuning data audited 

for poisoning vectors
• Zero-trust enforcement for agent-to-agent and agent-to-system 

communications
• The Security QA scope must now include APIs, identity 

management, and model risk validation—testing spanning data, 
models, APIs, and runtime.

• An AI bill of materials (AI-BOM) will serve as a concrete 
governance artifact covering foundational models, RAG 
knowledge sources, guardrails, security and privacy controls, 
training data, human oversight, and explainability, as well as 
governance and compliance layers that can be produced during 
reviews and audits. 

Failure Signature: 
Failure Signature: Traditional 
security testing does not cover 
AI-specific attack surfaces. 
OWASP Top 10 for LLMs (2025 
edition) identifies attack vectors 
that most enterprise security 
teams have not operationalized. 

Production-Ready Standard:
• Balance tool usage and automated processes for comprehensive monitoring across the AI lifecycle.  
• Real-time output monitoring with anomaly detection and confidence scoring
• Use structured logs, OpenTelemetry traces, and detailed cost tracking for transparency into 

performance. 
• Model drift detection: statistical baselines established in testing, monitored in production
• Automated feedback loops that convert production failures into new test cases
• AI systems should be treated as living processes rather than one-time implementations, with 

continuous monitoring and parallel testing to validate AI decisions against established benchmarks
• SLA definitions for AI systems: what constitutes acceptable performance degradation, and what 

triggers rollback

Dimension 7: Security & Adversarial Robustness

15

Whitepaper | CXOs Checklist: Are Your Enterprise AI Systems Production Ready?



Diagnostic Question: Can you immediately produce a quantified business case for every AI system in 
production (not at deployment)?

Failure Signature: 
The RAND Corporation’s study identified that 73% of failed AI initiatives lack clear, upfront metrics. And 
projects with sustained C-suite sponsorship plummeted from 68% success rates to 11% without it. Within six 
months, almost 56% of AI initiatives lost active sponsorship. According to Deloitte 

42% of companies abandoned at least one AI initiative last year, with the average sunk cost per abandoned 
initiative reaching $7.2 million. Most of these enterprise AI failures are not caused by poor models, but by 
flawed enterprise integration, misaligned success metrics, and the absence of defined outcomes before build 
starts. Conversations in the boardroom go beyond tooling, vendors, and models, diving into operating 
models, skill investments, and the right CXO backing (beyond budget approval) that help drive value from AI.  

Dimension 8: Business Value Instrumentation

Reference: MIT NANDA GenAI Divide Report 2025; BCG AI Value Gap Report 2025

Production-Ready Standard:
• Overcome the ‘Metric Vacuum’ with clearly defined KPIs that can help justify AI project budgets. 
• Pre-deployment business case with quantified success criteria (revenue impact, cost reduction, time 

savings — not “improved efficiency”)
• Post-deployment value tracking dashboards tied to P&L metrics, not technical KPIs. 
• Dive into more specifics like per-task or per-agent thresholds, automated token consumption alerts, 

multi-agent orchestration spend, and escalation costs. 
• Make room for transformations that account for failures, adoption success, regulatory concerns, tech 

and infrastructure upgrades, and culture change.  
• 90-day value realization reviews with explicit go/no-go decision criteria and project abandonment cost. 
• Set a cost vs accuracy review cadence. 
• ROI measurement architecture that accounts for hallucination mitigation costs, human oversight costs, 

and regulatory compliance costs as offsets.
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Source: 
https://fortune.com/2025/08/18/mit-report-95-percent-generative-ai-pilots-at-companies-failing-cfo/
(https://www.pertamapartners.com/insights/ai-project-failure-statistics-2026), 
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Diagnostic Question: For every decision your AI systems make, is there a documented, tested human 
escalation path? Is there a probability that your enterprise is facing an automation bias, instinctively 
trusting AI recommendations? 

Production-Ready Standard:
• Adopt a tiered autonomy model: setting explicit thresholds defining when AI acts, when AI recommends, 

and when AI must defer.
• Create visual mechanisms to interpret uncertainties and alternative answers that improve user trust. 
• Define human escalation paths tested under production load—not just designed in architecture diagrams/
• Run an audit trail of human intervention events vs. autonomous decisions, available for regulatory review.
• Conduct human reviewer calibration testing on a defined cadence, with documented accuracy rates 

comparing AI-assisted versus independent human decisions. 
• Consider a hybrid approach that combines human validation with systems and LLMs with limited model 

control.

Failure Signature: 
The feasibility of the human-in-the-loop approach in the production stage, when pressure mounts, has 
remained a significant challenge. The tendency to over-rely on automation for AI system validation 
exacerbates the difficulty of achieving governance. Methods like reinforcement learning with human 
feedback (RLHF) scale less efficiently in large-scale applications and work only in certain contexts. In 
healthcare, systems have moved from rule-based to advanced systems, making manual filtering and 
review of LLM outputs difficult in dynamic use cases.

Dimension 9: Human Oversight Architecture

17
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Diagnostic Question: Does your Quality Engineering function have the mandate, the tools, and the skills to 
assure AI systems?

Production-Ready Standard:
• Treat QE as an enterprise transformation model aligning product engineering, delivery governance, 

platform/DevOps, data and observability, risk and compliance, AI-assisted quality, and organizational 
culture.  

• Build a QE charter that explicitly includes AI-specific domains, such as model validation, bias testing, 
adversarial robustness, and drift detection. 

• The enterprise-ready model for QE metrics includes layers for maturity, operating standards, governance 
models, automation architecture, organizational readiness, etc., aligned with business outcomes, not test 
case counts. 

• Useful KPIs include: automation coverage percentage, defect escape rate, release cycle time, mean time to 
detect/fix defects, and audit-ready documentation coverage.

• AI literacy program for QE teams covering LLM behavior, non-determinism, and regulatory expectations
• Executive QE scorecard: a trust index reported at the board level, not buried in engineering dashboards.

Failure Signature: 
According to the World Quality Report 2025-2026, 11% have reportedly not adopted AI in QE, and about 15% 
of organizations have achieved enterprise-scale AI QE implementation. 89% are piloting or deploying 
generative AI-augmented QE workflows, but piloting is not the same as governing. Quality Engineering 
(QE) for AI systems must evolve into a discipline that tests the platforms themselves (especially agentic 
and GenAI systems), where failure modes don’t resemble classic defects and errors.  QE strategy must help 
explain and govern AI system outcomes and behaviors well enough for regulators, auditors, and boards. It 
must help treat AI as a living system that needs continuous evaluation of reliability, safety, security, and 
governance. 

Dimension 10: Organizational Readiness & QE Capability Maturity

18

Source: 
https://www.capgemini.com/dk-en/news/press-releases/world-quality-report-2025-ai-adoption-surges-in-quality-engineering-but-enterprise-level-scaling-remains-elusive/ 
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Section 4:

The Production Readiness
Maturity Model: Where Does
Your Enterprise Stand?
Before any framework or checklist, there is a more immediate 
question worth asking: If your AI system produced a harmful, 
inaccurate, or non-compliant output in production today, how 
quickly would you know? And what would it cost you, in 
customer trust, regulatory exposure, or brand equity, before 
you did?

That question cuts across every GenAI archetype. Whether 
your enterprise is deploying a customer-facing conversational 
agent, a developer copilot, or a multi-agent workflow that 
executes operational decisions, the categories of risk that 
surface in production are consistent: user-level failures that 
erode trust, operational failures that affect speed, cost, and 
reliability, architectural vulnerabilities, data integrity 
breakdowns, and compliance gaps that only become visible 
when a regulator or a plaintiff asks for evidence.

What varies is not the nature of the 
risk; it is the enterprise’s readiness to 
detect, govern, and recover from it.

At QualiZeal, we have distilled this 
readiness into four maturity tiers. They 
are not abstract ideals. They reflect the 
actual posture we encounter across 
enterprises that believe they are 
further along than their systems 
demonstrate—and a smaller group that 
has built something genuinely 
defensible.
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The Production Readiness Maturity Model:
Where Does Your Enterprise Stand?

If your AI system produced a harmful, inaccurate, or non-compliant output in production today, 
how quickly would you know—and what would it cost you before you did?

PILOT
SURVIVOR

Users discover hallucinations and 
output failures

Regulatory obligations exist on 
paper, not operationalized

No tracking of business value from 
AI investments

Quality assurance = hoping 
nothing goes wrong

1

High-profile failure can set your AI 
program back by years.

COMPLIANCE
ACHIEVER

Mapped to 1–2 frameworks (e.g., 
NIST AI RMF, internal policy)

Monitoring infrastructure and 
basic testing in place

QE team understands AI needs 
different handling

Frameworks in silos. Duplicated 
effort and gaps

2

False confidence. Internal review ≠ 
regulatory scrutiny.

RISK DANGER

PRODUCTION
OPERATOR

Continuous monitoring and 
automated drift detection

Human oversight protocols 
defined, tested, invoked

Regulatory evidence maintained 
and audit-ready

Business value measured 
quarterly with thresholds

3

Move quality from engineering 
discipline to enterprise 

FOCUS AREA

TRUST-FIRST
ENTERPRISE

Continuous monitoring and 
automated drift detection

Human oversight protocols 
defined, tested, invoked

Regulatory evidence maintained 
and audit-ready

Business value measured 
quarterly with thresholds

4

Move quality from engineering 
discipline to enterprise 

OUTCOME

The gap between Level 2 and Level 4 is not a technology gap.
It is a governance architecture gap—and it can be closed.

ValidAIte™ by QualiZeal
Purpose-built AI assurance platform to help you govern, 
assure, and scale AI with confidence.



AI is deployed. It is not governed. Users discover hallucinations and output 
failures before monitoring systems do. Regulatory obligations exist on paper but 
have not been mapped to operational controls. There is no formal mechanism for 
tracking whether AI investments are generating business value. The dominant 
mode of quality assurance is hoping nothing goes wrong in production.
The risk at this level is not just technical—it is reputational. One high-profile 
failure in a customer-facing system can set an enterprise’s AI program back by 
years.

Pilot Survivor

Compliance Achiever

Trust-First Enterprise

Production Operator

AI quality is reported alongside financial performance. Hallucination rates, model drift indicators, 
autonomy decision logs, and regulatory conformity status are visible to the board. The QE 
function is a strategic governance layer — embedded in procurement, vendor selection, release 
governance, and organizational risk policy — not a gate at the end of a development cycle.
At this level, AI assurance is not a project. It is an enterprise infrastructure.
The gap between Level 2 and Level 4 is not a technology gap. It is a governance architecture gap 
— and closing it requires both organizational will and the right assurance platform to 
operationalize it. That is where ValidAIte, QualiZeal’s purpose-built AI assurance platform, has 
been designed to intervene.

Most enterprises at this tier have mapped to one or two governance frameworks, typically NIST 
AI RMF or an internal risk policy. And they also have monitoring infrastructure. Basic testing will 
be in place. The QE team understands that AI systems require different handling than traditional 
software.
What is missing is coherence. Frameworks are implemented in silos. NIST AI RMF, TEVV, EU AI 
Act, and ISO 42001 are treated as separate compliance obligations rather than a unified 
assurance posture. The result is duplicated effort, gaps in evidence during audits, and a 
compliance architecture that works until it is stress-tested.
The danger here is false confidence. Passing an internal review is not the same as surviving 
regulatory scrutiny or a production incident.

Continuous monitoring is operational. Drift detection is automated. Human oversight protocols 
are defined, tested, and consistently invoked. The regulatory evidence package is maintained, 
not assembled under pressure when an audit arrives. Business value is measured quarterly, with 
defined thresholds for intervention.
Enterprises at this tier have moved from a reactive to a systematic approach. But the quality 
function still operates largely as a discipline within engineering; it has not yet become 
board-level accountability.

Le
ve

l 1
Le

ve
l 2

Le
ve

l 3
Le

ve
l 4
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Section 5:

From Checklist
to Command: 
What the
C-Suite
Must Own
Production readiness does not begin in the QE 
team’s backlog. It begins with a decision made or 
avoided at the executive level.

Every enterprise that has suffered a high-profile AI 
failure shares one structural characteristic: the 
accountability for AI quality was delegated 
downward before the governance architecture to 
support that accountability was built upward. The 
CXO signed off on deployment. The CXO did not 
sign off on what production-ready actually meant.
This section is not a generic RACI chart. It names 
the specific decisions that only the C-suite can 
make — and the cost of leaving them unmade.

CEO:
Define the enterprise’s AI risk tolerance — 
explicitly, in writing, with board visibility. Not as a 
values statement, but as an operational threshold: 
what failure rate is acceptable, what categories of 
output require human review before action, and 
what regulatory exposure the organization is 
willing to carry. This is the document that governs 
every downstream AI deployment decision. 
Without it, every team makes those trade-offs 
independently — and inconsistently.

CTO / CIO: 
The most common executive error in AI programs 
is sequencing development investment ahead of 
assurance infrastructure. Enterprises that invest in 
AI quality foundations at the outset realize 2.8x 
lower remediation costs than those that retrofit 
governance after a failure. The mandate here is 
structural: QE capability investment must be 
proportional to AI development investment — not 
treated as overhead that can be deferred until the 
system is live.

CFO:
Every AI system in production has a total cost that 
most financial models do not capture: the cost of 
hallucination mitigation, the cost of human 
oversight at scale, the cost of regulatory 
compliance, and the cost of production incidents. 
These belong on the AI investment ledger — 
measured against the business value the system 
was deployed to generate. Require that 
accounting. It is the only honest basis for an AI ROI 
conversation.
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Chief Risk Officer: 
The US regulatory environment for AI in 2026 is not 
a single framework — it is a forty-state patchwork 
of active and emerging mandates, layered over 
sector-specific federal guidance and the 
impending full enforcement of the EU AI Act. A 
compliance monitoring capability that updates 
annually is not a capability — it is a liability. The 
CRO’s mandate is to translate this regulatory 
complexity into operational requirements that are 
reviewed quarterly and reflected in every AI 
deployment decision.

Chief Legal Officer: 
When an autonomous AI agent makes a 
consequential wrong decision—and it will—the 
question regulators and plaintiffs will ask is not 
whether you had a policy. It is whether you had 
evidence of governance. Who authorized the 
system’s scope of autonomy? What safeguards 
were in place? What audit trail demonstrates that 
the organization exercised due diligence? That 
architecture of accountability must be in place 
before the first production deployment, not after 
the first incident.
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The ten-dimensional checklist established the requirements for production readiness. The question that 
determines whether an enterprise actually achieves it is how, specifically, whether the assurance function 
is built to operate continuously or only activated under pressure.

Most enterprise QE functions operate episodically: testing happens at defined gates, evidence is 
assembled when audits are scheduled, and monitoring is reviewed when something breaks. That model 
was inadequate for traditional software. For AI systems that degrade without error codes, drift without 
warnings, and produce confident wrong outputs, it is not a model at all.

What follows is the assurance architecture that turns the checklist into operational infrastructure.

Section 6:

The Assurance Framework:
From Episodic to Systematic
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Moving from reactive, isolated assrance activities to an integrated
continuous, and risk-informed assurance framework.

EPISODIC ASSURANCE SYSTEMATIC ASSURANCE
Reactive. Isolated. Point-in-Time. Proactive. Integrated. Continuous.

Ad-hoc
Reviews

Issue
Response

Compliance
Checks

Periodic
Audits

Soiled
Teams

TRANSFORM
Integrate, Align,

Assure Continuously

Ongoing
Assurance

Continuous
Monitoring

Data- Driven
Insights

Integrated
Collaboration

Assurance
Framework

Risk Informed
Strategy

Delivering Greater Assurance

Stronger Risk
Management

Improved Decision
Confidence

Operational
Resilience

Sustainable
Value

Trust & Stakeholder
Confidence



Pre-Production Gates
Every AI system requires a structured 
go/no-go review before deployment — 
not a sign-off meeting, but an 
evidence package. Across the ten 
production-readiness dimensions, 
documented test results, validation 
artifacts, and governance records must 
be in place before a system touches 
production. The gate is not passed by 
consensus. It is supported by evidence. Regulatory Readiness Calendar

With the EU AI Act full enforcement effective August 2, 2026, 
and US state AI mandates activating on rolling schedules 
throughout the year, compliance is not a static posture. A 
regulatory trigger calendar, mapping every active and 
anticipated mandate to the AI systems it affects, updated 
quarterly, is a non-negotiable operational artifact for any 
enterprise with material AI exposure.

Continuous Assurance Pipeline
Testing begins at design — shift-left — and production 
behavior becomes a continuous input to the quality function — 
shift-right. Failures in the field are not incidents to be 
managed; they are inputs to be codified as new test cases. This 
closed feedback loop is the structural distinction between AI 
systems that improve over time and AI systems that degrade 
silently until a failure becomes visible.

Third-Party and Vendor AI Assurance
When an enterprise acquires AI capabilities from external vendors, 
the production readiness obligation does not transfer. The same 
ten-dimensional assurance framework must be applied to every 
third-party AI component in the system. The AI supply chain carries 
risk — and that risk is owned by the enterprise that deploys it, not 
the vendor that built it.

Trust Index Dashboard
A composite trust score, spanning 
hallucination rate, regulatory 
conformity, frequency of human 
oversight invocation, business value 
realization, and model drift, is reported 
to the board alongside financial KPIs. 
This is not a technical dashboard 
dressed up for executive consumption. 
It is the operational signal that tells a 
CXO whether the AI program is 
performing, degrading, or drifting 
toward a compliance exposure.

The dashboard combines leading and 
lagging indicators, including 
hallucination rates, model drift, 
fairness deviations, privacy incidents, 
security events, explainability 
coverage, regulatory conformity 
scores, frequency of human oversight 
invocation, and realized business 
value. Together, these measures 
provide executives with an operational 
signal indicating whether the AI 
program is performing as expected, 
degrading, accumulating trust debt, or 
drifting toward compliance and 
reputational exposure.

Incident Response or Rollback Playbook 
A huge part of production readiness is how well your enterprise 
is prepared when things go wrong. Regulators, customers, 
external auditors, and legal teams enquire about the response 
process after an AI-specific incident. The incident response and 
rollback playbooks that extend beyond traditional playbooks that 
include cybersecurity elements and aid clear incident and risk 
severity classifications, alerting mechanisms, mean 
time-to-detect and mean time-to-resolve (MTTD/MTTR) 
expectation, triage and containment procedures, evidence 
collection, root-cause analysis, emergency disabling, customer 
and regulator notification, and human escalation processes. 
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QualiZeal’s Purpose-Built AI 
Assurance Platform
Each of the framework components above can be implemented manually, with significant time, 
cost, and internal build risk. Or it can be operationalized through ValidAIteTM, QualiZeal’s enterprise 
AI assurance platform, built specifically for the complexity of RAG pipelines, LLMs, and agentic 
systems.

ValidAIteTM is not a repurposed software testing tool adapted for AI. It was designed from first 
principles around the specific failure modes, governance requirements, and regulatory obligations 
of modern AI systems.

Operationalizing Enterprise AI Trust from Development to Production
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Unified Framework Coverage: 
ValidAIte integrates NIST AI RMF, TEVV, EU AI Act, and ISO 42001 into a single coherent assurance 
platform — eliminating the compliance silos that expose enterprises to evidence gaps and duplicated 
effort: four frameworks, one audit-ready record.

Automated Trust Scoring:
Every evaluation produces a computed trust score with full evidence lineage—prompts, datasets, 
model versions, evaluation metrics, and decisions — captured automatically, with no manual assembly 
before a regulatory review.

Deep RAG and Agentic Evaluation:
ValidAIte tests retrieval accuracy, grounding quality, tool-calling behavior, hallucination patterns, bias 
indicators, and robustness across adversarial scenarios, the evaluation dimensions that generic testing 
frameworks are structurally unable to address.

Continuous Monitoring:
Real-time trust score tracking with automated drift detection and alerting, 24/7, so production 
degradation is detected by the assurance platform before users or regulators detect it.

Core Capabilities:

The measured outcomes for enterprises
deploying ValidAIteTM:
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Metric

Evaluation effort reduction

AI lifecycle traceability

Development cycles avoided

Compliance and audit cost reduction

Frameworks unified

Impact

30–50% through automated workflows

90–100% — complete lineage across prompts, datasets, models,
and decisions

6–12 months — enterprise-ready platform eliminates internal
build overhead

20–35% through automated evidence generation and 
regulatory mapping

4 — NIST AI RMF, TEVV, EU AI Act, ISO 42001 in one platform
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Conclusion
The Divide Is Already Forming
The enterprises that will lead in AI-driven markets over the next three years are the ones 
that answer a simpler question first: Is this system ready to be trusted?
That question and the discipline required to answer it honestly —is what this whitepaper 
has been built around. The production readiness maturity model, the C-suite accountability 
framework, the ten-dimension checklist, and the assurance architecture are all instruments 
for answering it with evidence rather than assumption.

The window for building that evidence is narrowing. Enterprises that establish AI assurance 
infrastructure now—before the full weight of EU AI Act enforcement, before the US state 
regulatory landscape consolidates, before a production failure forces the conversation — will 
carry a structural advantage that becomes harder to close with every quarter that passes.
At QualiZeal, we built ValidAIteTM for precisely this moment — when the stakes of getting AI 
quality wrong are no longer theoretical, and the cost of building assurance infrastructure 
from scratch is a competitive disadvantage an enterprise can no longer afford.

The checklist in this whitepaper is the starting point. ValidAIteTM is what makes it 
operational at an enterprise scale.

27

Whitepaper | CXOs Checklist: Are Your Enterprise AI Systems Production Ready?



28

Whitepaper | CXOs Checklist: Are Your Enterprise AI Systems Production Ready?



For more information on how QualiZeal can elevate QE 
for your enterprise AI systems, contact us at 

info@qualizeal.com 

https://qualizeal.com


